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Abstract: Objective To conduct a scoping review on the application of artificial intelligence (A) in the field of evidence—based prac-
tice (EBP), and to provide reference for future research and clinical practice. Methods  Adhering to the Joanna Briggs Institute (JBI)
methodology for scoping review, we conduct a systematical search for literature in Medline (Ovid), EMBASE, Web of Science, CINAHL
(EBSCO), Cochrane Library, and IEEE Xplore databases from the inception of the database to May 30, 2024, and summarize and ana-
lyze the included literature. Results A total of 29 articles were included. Al technology was mainly applied in evidence synthesis,
evidence dissemination, and evidence implementation in the EBP process; Natural language processing (NLP) was the most commonly
used Al technology in EBP; the specific performance indicators reported in the included studies mainly included precision, sensitivity,
accuracy, F1 score, and consistency, and all studies reported positive effects of Al technology in EBP. Conclusion Al technology
plays a positive role in EBP and has considerable potential for further application. In the future, exploration and effectiveness verifica-
tion of Al can be expanded to broader EBP fields; however, prudent attitudes should be adopted towards the results generated by Al

technology.
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